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Spectrum Increasingly a Scarce Resource
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Spectrum Increasingly a Scarce Resource

Cost of spectrum increased 3x in 7 years
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Illegal Spectrum use Becoming More Lucrative
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Illegal Spectrum use Becoming More Lucrative

Both opportunity and gain of illegal spectrum use rising
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Anecdotal Evidence Suggests Rising Threat

Regulators are getting worried
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How can Regulators Protect Spectrum?

Crowdsourcing promises to satisfy accuracy and cost requirements
5
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(Illegal transmitter)

Deploys a large number 
of sensors belonging to 
different users

Illegal transmitters 
must be detected:
1) With high accuracy,
2) by cheap sensors
3) incurring low cost
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Inferring Distributions by Observing is Hard

Too much diversity makes getting observations expensive
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Our Solution
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Validation

Error less than 5% is possible using SVR
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Working of Sensor Selection

Selection must consider available sensors and budget
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Sensor Fusion
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Sensor Fusion Algorithm

Our sensor fusion performs better than baseline
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